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2.3.3 HBRE

Center element of the kemel is placed over the
source pixel. The source pixel is then replaced
with a weighted sum of tself and nearby pixels.

New pixel value (destination pixel)
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NS Z BRI, HERERZ NG TOR AR
R —ANBCE R B — M2 & (bias vector) ,
FALT—AFIBAPE LR P TC . R A DAL
NGB, WZER,

2.3.5 BRIZSH

LBRRESHOTEERZ AN SRR, =
HIFRE T PR RE IR

Fo B RN LR /N TR B R
ST EAE, B, THREURH AR S
o BRUPKTE T BRZAR PRI R AT R AE
MBS, SRUSEKRN 1K, SRESENAT
FHEEIMIGER, S A n BT 278 F— X afishd n-1
MEE.

HH A AR I ZE SR TR AT 401, B B AR R
HeFe, FHEEIMR ST 25000, Bl 16X 16 (1
WARGELST BB, TEHAR 5X5 &
BJa, 2t 12X 12 MRHER. R, R
REAIE P18 i 4 AR 22 i N R 35 K 6 RS ARV T
S RS URGESEmR I) J7vk o  WLIRIE TR 52 4% O
AR E S N FUEIER (replication padding) »
2.3.6 BUHILE

TEG 2 TP L =02 PRI S8
BAE— R, NS B R IR A
FEIRRE CERZIEARD , B2 IZFE R 4
FSEER T E R F—MNRERE T
RSB #R AH 5] 1 o
2.3. 7T AL

T H AR L I B AR R A2 ] P AN —
AR o B IR F 2 2B A A A 1) 2 ) R
PSRRI TE R AR W 2%t SR R, T

FRURFETY, WBeA RdEHE A .

@ik (General Pooling) : [T kit
&, AL BT AT LAE A LA K e 2, Bl dn P it
{4, (average pooling) Y L-2 yE= 4t (L2-norm
pooling) o “PHyibib s EEeEcE A, HEME
O T . BOSEEIED], SR HIECR
(A OMILIAC:Y T

MaxPooling/E#feature_map

5
2
1 Fully
D it 2]
"o § » ; Connected
feature_map1 feature_map2 1 Layer
1
1

Flatten 2132

2.3.8 &ERE

LRI 0 245 v IR A B2 2 S AN T AR SRl
AN R IR ER . SEEEMTERME M %
M EWEEEsy, R e ER R R
o RHERITERIERE F o R BB MR, B
JETF N 1 B 8 el ek K.

3 X}F ANN. LSTM F CNN K 45
3.1 AN

ANN & — P T NI 28 e IR A e 4, e
BT AU G — Se Al SEBBUCNF . (HRSGE
TERMEGEAF, FFEX T MBI AR, B3N
711, HEWRALE.
3.2 LSTM

LSTM & —Fhis v bR i 275 14 5% T ek (1]
B 53 BT IS, B S L TR AN [ 75 3 S F
Wi, IF HAREST ANN 579k, LSTM SERIZ 6. {H 2
LSTM &2 — /MR SR 0%, S LSTM [ i)
PEREARR, JF A% SR, XMTEERRA,
TRFERT
3.3 C\WN

CNN & —Fhi T ANN Rk iAL, it L4
BRI &, Smdddn e s, 6
FUZFLMREURHIE. HRFEIMS, IRAEAER
K, HIBAR5 5 ERKEAMERE R

4 BRE

TEH L R IO A R, VR 25 ST E IR 2
ek T T B 28R, — R TE AR R T 2
SR AT, xRS 5 B
.



[Z % 3 #]

[1] Ian Goodfellow, Yoshua Bengio VRS2 [M].
B rE HE iR AL, 2017.7, 20220617.

[2] Meiyao Tao, Shanshan Gao, Deqian Mao, Hong
Huang, Knowledge graph and deep learning
combined with a stock price prediction network
focusing on related stocks and mutation points,
Journal of King Saud University — Computer and
Information

Sciences, 2022, ISSN1319-1578, https://doi. org
/10.1016/j. jksuci. 2022. 05. 014.

[3] Chenyao Ma, Sheng Yan, Deep learning in the
Chinese stock market: The role of technical
indicators, Finance Research
Letters, Volume49, 2022, 103025, ISSN1544-6123,
https://doi. org/10. 1016/ j. frl. 2022. 103025.
[4] A EE. Plagze3I M. dbat SR AR,
2016. 01, 20220619.

[5] Martin T. Hagan, Howard B. Demuth. 7§15 X
28t (M) . MU Dol ik, 2018. 12, 20220619.
[6] Weiwei Jiang, Applications of deep learning
in stock market prediction: Recent
progress, Expert Systems with
Applications, Volume 184, 2021, 115537, ISSN
0957-4174,

https://doi. org/10. 1016/ j. eswa. 2021. 115537.
[7] Hochreiter S, J. Schmidhuber, Long
Short—term Memory[J], Neural Computation, 9 (8)
(1997), pp. 1735-1780.

[8] Rui Liu, Yong Jiang, Jianwu Lin,
Forecasting the Volatility of Specifc Risk for
Stocks with LSTM, Procedia Computer Science,
Volume202, 2022, Pages111-114, ISSN1877-0509, h
ttps://doi. org/10. 1016/ j. procs. 2022. 04. 015.
[9] Fengrui Liu, Yang Li, Baitong Li, Jiaxin Li,
Huiyang Xie,Bitcoin transaction strategy
construction based on deep reinforcement
learning, Applied Soft Computing, Volume 113,
Part

B, 2021, 107952, ISSN1568-4946, https://doi. org
/10. 1016/ j. asoc. 2021. 107952.

[10] Meihua Xie, Haiyan Li, Yuanjun
Zhao, Blockchain financial investment based on
deep learning network algorithm, Journal of
Computational and Applied Mathematics, Volume
372, 2020, 112723, ISSN0377-0427, https://doi. o
rg/10. 1016/ j. cam. 2020. 112723.



